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Self-disclosure 

Self-disclosure is defined as  
what individuals verbally communicate 
about themselves,  
including thoughts, feelings, and experiences. 
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§  People disclose information for a variety of purposes: 
§  establishing legitimacy, 
§  authentication, 
§  trust, 
§  providing personalized services,… 



Online self-disclosure 
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important in electronic commerce 
and online relationship building: 

§  signifies trust and acceptance of 
the privacy assurance 

§  in absence of face-to-face 
interaction companies have to rely 
on such feedback behavior 



Online self-disclosure 
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is of particular interest in  
human-computer interaction 
e.g.,  

§  personalized recommender systems 
§  “one click” purchasing 
§  e-recruitment 



However, not all users are willing 
to disclose personal information. 

Major barrier: privacy concern 
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Still, paradoxically… 

…many users appear to provide personal information 
abundantly in the online setting 
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particularly in the context of  
online social networks 



The specific objective 
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Identify the most 
influential factors 

that shape  
self-disclosure 



Central question 
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Can a user’s  
self-disclosure  

be manipulated? 
 

And to what 
extent…? 



Many studies on  
online self-disclosure 

Very specific variables! 

The scope is tremendous: 
§  gender 
§  education 
§  social anxiety 
§  reward 
§  anonymity 
§  trust 
§  privacy 
§  … 
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…but each study provides only 
puzzle pieces 
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Goal 

Ø  bring these pieces together 
Ø  use existing research  

findings in the field 
 



Statistical meta-analysis 

A statistical meta-analysis represents a  
systematic aggregation of the findings of 
previous studies regarding the extent to which  
one or several predictors affect a dependent 
variable, based on so-called effect sizes. 
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self-
disclosure 



Criteria for inclusion/exclusion 

A study was included if it fulfilled 
all of the following criteria: 

§  disclosure as a result of one or 
more influencing factors; 

§  self-disclosure in  
online setting; 

§  empirical, quantitative study; 
§  adequate data for the 

computation of effect sizes. 

A study was excluded if at least 
one of the following criteria were 
met: 

§  investigated solely the effects 
of disclosure on other factors 
or outcomes; 

§  disclosure of health issues; 
§  disclosure in the field of 

dating; 
§  corporate disclosure; 
§  disclosure in offline settings; 
§  qualitative study; 
§  data for computing effect 

sizes not available. 
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Sample 

48 studies on online self-disclosure 
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Puzzle pieces –  
very specific variables 
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Categorization of independent 
variables 

Demographics 
• e.g., sex, age, or education 

Environmental factors 
• peer-related variables (e.g., peer pressure) 
• provider-related variables (e.g., reputation of a company) 

Person-based variables 
•  inherent to a person and his/her perceptions 
• e.g., self-esteem, personality traits, or perceived risk 

System-based variables 
•  controlled by a system or inherent to system  
• e.g., privacy priming or reward provided for disclosed info 
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Effects on self-disclosure 

RE .06 
FE .07 

demographics 

RE .11 
FE .13 

environmental 
factors 

RE.22 
FE .29 

person-based 
variables 

RE .18 
FE .10 

system-based 
variables 
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Findings 



Finding 1 

• but… results clearly suggest that 
person- and system-based 
variables do influence user  
self-disclosure to some extent 

the identified effect sizes appear 
rather low 
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Finding 2 

• e.g., 
• system functionality and usefulness 
• system type that asks to disclose one’s 

data (e.g., social media platform, web 
shop, or registration for a game) 

• providing a reward for disclosing one’s 
information 

system-based variables, which can be 
purposefully designed, are at least a 
moderately effective key to “shape” 
user self-disclosure 
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Finding 3: 
Methodical findings in brief 

but: 
predictor category makes a considerable difference 

for the effect on self-disclosure 

considerable heterogeneity among the effect sizes in 
each category 

large degree of heterogeneity 
among the studies’ findings for 

each predictor category 

almost the entire identified 
variation in effects on self-

disclosure is due to 
heterogeneity between studies 
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Next steps 

categorization in its current 
form might not be the 
“golden nugget” for 

explaining this 
heterogeneity 

à rethink 
categorization 

included studies referring to 
both attitude and behavior 
à “privacy paradox” not 

considered 

à considering 
the two 
variables 

separately  
in analysis 
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Take away messages 

person- and system-based variables do influence 
user self-disclosure 

system-based variables, which can be 
purposefully designed, are at least a moderately 
effective key to “shape” user self-disclosure 

considerable heterogeneity between studies 

rethink categorization 

considering “privacy paradox”, considering the two 
variables separately in analysis 
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Additional Information 



Intercoder agreement  

§  Initial intercoder agreement 
§  overall agreement of 81% 
§  Fleiss-Kappa of .77 (= “substantial agreement”) 

§  Environmental factors: low Kappa (.43) 
§  all other categories: “almost perfect agreement” (Kappa 

values > .80) 

§  In the instances where some disagreement 
emerged, the coders discussed the study in 
question until complete consensus could be 
established. 
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Forest plot: demographic 
predictors 
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Forest plot: environmental 
predictors 
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Forest plot: person-based 
predictors 
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Forest plot: system-based 
predictors 
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Heterogeneity statistics for 
each predictor category 

 demographic environmental 
Q (df) 99.8 (12) ** 251.8 (9) ** 
τ2 (s.e.) .013 (.006) .068 (.033) 
H 3.65 5.25 
I2 92.5% 96.4% 
 person-based system-based 
Q (df) 7658.5 (25) ** 626.5 (42) ** 
τ2 (s.e.) .125 (.037) .041 (.010) 
H 9.89 5.79 
I2 99.0% 97.0% 
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